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1. Introduction

NextGen Invent corporation is a leading global technology services provider. Our multi-
disciplinary teams, Data Scientists, Change Agents, Strategists and Process Analysis framework
are delivering Robotic Process Automation solution to its clients.

NGI in partnership with Automation Anywhere is delivering Stats/ML/AI/NLP/OR/Deep
Learning models as ready to use Cloud Bots that are providing efficiencies across business
processes, improved customer conversion rate and reduced churn rate.

1.1.0verview

This Bot performs text classification and real time predictions of various analytics problem using
Naive Bayes as Machine learning model.

1.2.Use cases

o Naive Bayes algorithms are mostly used in sentiment analysis, spam filtering,
recommendation systems etc.

o This bot could predict the posterior probability of multiple classes of the target variable to
augment multi-class predictions.
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2. Requirements & Prerequisites

2.1.System Requirements
For the PC or server where the bot needs to run:

Device

Machine

Processor

Intel Core i5 or higher

RAM

8GB or higher

Storage

16GB

Network

1GbE

Bot Creator
and Bot
Runner

No additions to the
machine requirements

No additions to the
machine requirements

No additions to
the machine
requirements

No additions to the
machine
requirements

2.2.Prerequisites

Software’s required -

Automation Anywhere Plugin version

Excel Requirement Version

11.x

2013 version or higher

Data requirement-
Data should be pre-processed before feeding it to the bot and it should contain at least 4,000 rows for
training with around 8-9 minimum features every time to obtain desired accuracy.
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3. Getting Started
3.1.Skill Matrix

e As Naive Bayes is superfast, it can be used for making quick predictions in real time. The
Naive Bayes algorithm affords fast, highly scalable model building and scoring. It scales
linearly with the number of predictors and rows. The build process for Naive Bayes is
parallelized.

o Naive Bayes algorithms are mostly used in sentiment analysis, spam filtering,
recommendation systems etc.

e The Bot takes in the CSV file and performs the naive bayes-based classification and
output in the MS Excel

3.2.Installation Hierarchy

Download the bot from Bot Store.

Double click on the .msi file.

On Welcome to Installation wizard, click Next to continue.

Click I agree to the terms in the license agreement radio button to accept the agreement.
Get/Copy the License key from Bot Store Downloads into License Key, click Next to
continue.

Click Install to begin the installation.

Click Finish to complete the installation.

To view the installation, go to 'My Tasks' folder on AAE Client to see bot files.

3.3.Configuration

Inputs:
Path String Input Path of the CSV file
For example: C:\~\ Womens Clothing E-
Commerce Reviews.csv
ColumnCount Numeric | Input Count of columns available in CSV file
being provided with input data
InputColumnNames String Input Name of columns being provided in CSV

file. For example: 'SNo','Clothing
ID''Age’, Title','Review
Text','Rating’,'Recommended
IND','Positive Feedback Count','Division
Name','Department Name','Class Name'

InputColumnDataType | String Input Data Type of columns being provided in
CSV file in the same order as column
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names. For example,
'‘Numeric','Numeric','Numeric','String','Stri
ng','Numeric','Numeric','Numeric','String’,’
String','String'

MissingNumberValueR | String Input A value that can be used by Model in case

eplacemsent CSV file has blank field/s or missing
numerical value/s.

IgnoreColumns String Input Names of the column that model should

ignore while calculating correlation.
For example: 'SNo', 'Title', 'Review Text'

PredictionColumnNam | String Input Header of the Column on which you want
e to predict Ex: "Department Name"
Input Sample:

The below dataset contains information about the Women clothing i.e. basically which type of
clothes women mostly wears and this is the dataset for E-Commerce Company for the production
of the clothes. The following data is described using the mentioned features:

Depanment Class
Mame
m 020 41 [Puns verg smal B aist mavaceurars 287 and the size d s a srug 4 1 g Gerearal Pesie Bomoms Shaes
me BE 47 Prem Vvt balbric: el oo i bought the green one 4 1 ] Gerreral Pesios Tops Fine gaage
w3 B 52 e butsoo thin | s pririmualhy don ot s bPetheir v rouer s bt 2 1] 3 vt al Patiee Teps Fire ganage
™ B 46 3 1 ] Gernral Prine Tops Fine gavage
% L] ) llersgo con o thi ihint. e thoe Rl i worvchi 5 1 Gerral Petios Bomomd Sany
e 038 40 Drass ran very large in evesy way. boautihul desigr 3 1 0 Caneeal Drasses Deasses
wr B B2 Lovehardleminine  Finaly s rwingtop ™t dosm t kook o s zack ¢ 5 1 ] Gerveral Pesie Tops Fine ganage
ma BBz 6 Agrea plce | B this shim in thee reeuttal and white and o 5 1 2 Garviral Poaing Tops Krits
™ 020 33 Loweevendhing about | Unlke she other revteswers, | did not have ans piok 5 1 3 Garvaral Petie Bottoms Slarks
L] B S Pedectcondynow top! Forarowbesl thi comby sed wel made. thin v 5 1 ] Geereesl Top Fine e
L=l B 33 Cageooal srammar fun | aded dhis inmybashot ot hie List mindue b0 5o w El 1 Gaerviral Pesiog: ks
o 1=} k- | This deees is perlection! 1o premy and steing. g 1 2 Gareral Petie Deeses
83 B33 A1 Leeks greatwitkwhite p Took & chancs on this Blause and o gladi dd i 5 1 ] Caneeal Bleains
L 080 5 Imtom! Tmiuperat b s For e price of the dress, i tho 4 1 ® General Dresres
e L] I Hugeduppornens  |hive besrwsting o thit fveater coatio thipls 2 0 0 Coneesl Swesi
L) Lo s} Esgauniiully made pants and on mend with the flas 3 1 0 Germral Peoos Paris
w|r Bar B Lovethisdoess! Thiz i such s reat doess. the color i grest andith 2 1 o hitmates Lomrge
L BB B S oot and amly pull S, SiENgE St ] 1 2 Famates Linrege
i) =] 67 Some things wou shouk First, this is thermal soraturaly i ddn'tespect su 4 1 Initmates Seep
1] Be: T Lovethe esbeciden  Fealy cote op! th embecidery on the col & bi 1] 1 ] Genensl Krits
= BEZ 3 Flamering andcomioma Very sofi and comfonable. the shin has an urus. 5 1 H Ganesal Bras
=) k] k] | sm prgriand and i thought Bhis would be & goest i [1] 3 himastes ntimates
133 1=} B |yt this i o postit envgrhy, sz 2, and it e jum e 4 1 ] Garmtal Poses D
1 365 52 Dol andcomiotable g Eeen looking bor braleties Shat provde some o 4 1 1 ritmades Indimates
Outputs:

1. Output: the result in the form of the MS Excel

Using the above dataset, we are predicting the type of dress women mostly likes to wear
and thus the below predicted has been the output with some of the different features
described:

e Gold_Class: This column is taken as the predicted target based on preference
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o Predicted_Class: This tells us the predicted type of the women cloth that she likes to
wear i.e. Tops, Bottoms, etc based on preference

2. Provided the predictive class for effective decision making

Output Sample:

Gald_ Clagz Pradicted

' llulu.-l Clazs
m 020 41 Runs very smal M i st reacrers 257 and tha size d s 2 mug q 1 q Gl Patie Bonoms Skins | Bomons
m &5 47 Pretiy | Rewse- B L b sy coclor [ Evcnaagied e grsen one: 4 1 1] GanendPanie Tops Fne guge] Tops
m S B2 K b 1w iy |w e el s st w oo 2 s iy Bt 2 1] k] Gral Patae Tegn Fire gge] Teps
™ 5 L] 5 1 ] Gereeial Patie Tops Fine gauge] Tops
e ne 2 e ot oo ol St kit the Falbeic i wordk 5 1 1 Ganmenl Patite Bictioms Stite | Bomome
m 058 40 Dhveres tarvasty Lnge ineesty v an. beautiful design 3 1 0 Corseal Dheegins Dressas | Drosnes
m 5 62 Lowelyandlemnne  Finaly 2 "pring top” thatdoesn look o a sack « 3 1 3 Genesal Petie Tops Fine gauge] Tops
me -7 & Agred pece g thin shint i the et ol 5 i it e v 5 1 2 Germstal Patite Tept Krite | Tops
™ W20 3 Loweeseratung about | Undke toe othet i ers, | did rok s ary prot 5 1 3 el Pt Bonoms Shns | Bonons
W s 53 Perectconfynowtop! Foranow feel, that comiy and wel made. fhis v 5 1 0 [ Tops Fine guage] dackees
Ll 55 3 Cagpcoalshimmetban | aded i my baske o bielag minns 1o sse v 5 1 1 Germtal Posie Kris | Tops
i L1: 5 This cherss bs pesfection! so peetty and flakeing, 5 1 2 Gerrral Peter Dresces | Dresees
=] -] 41 Looksgeestwikwhise | Tosk achance on this blmas and po gladi ded i 5 1 ] Gerusesl Blouses | Jackess
L] 080 S Pz Toms et e oo th price of the chess, 8w, 4 1 H Cormeal T
e A 3 Huge dosgponiment | Furee besenwslting hor thes swester ooatbo ship o 2 0 a [ Swestes | Tops
w e <] Ereaatihby madde it o] e iendluith il § 1 0 GenptalParie Parii | Bomon
ur 37 A Lowthsdesd This s such 2 narst e, the-cokr ks gread andd 5 1 0 lrinaies Lourge | namaie
6w (=2 k St cube ard conby pull ovse. riorg i scoush g 1 3 lrinster Lourge | hémpe
pix] ] BT S ez oo shoids P, thes i thosemal s nanalyi s ssgeset i ] 1 i lramates Slowp | lntimain
L] e I Lovetheenbioidend  Peallsouse op! the embrosdery on ool b 5 1 ] Goruesl Krits | dachets
=] e B Flameing s comiona ven ssh snd comlonable the thin has an unun. 5 1 £ Gl Krits | Tops
uz 5 ] | am pregnant and | thoughi this would be & great 2 0 3 lrinaies lnemates | lamaie
u: 1] & | gt this in the petite length, se 0 andit iustr 4 1 a Genesal Petite Cresres | Dreroes
™ £ 52 Seftardlcomivrable Do bawn looking bor bralentinthat provide g & 4 1 1 st Fmated | emate

4. Logs

Error Handling In case of Errors, Error Logs & Screenshots are generated within Error Folder.
Each Bot folder contains the below hierarchy.

1 Error Folder
1.1 Logs
1.1.1 ErrorLogsMonth-Day-Year.txt: In case of any error, this file logs error message
along with timestamp
1.2 Snapshots
1.2.1 Error SnapMonth-Day-Year-Hour-Minute-SecondMillisecond.png: In case of any
error, this file captures screenshot of error.

Task Status of bot is set to failed in case of error.
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5. Troubleshooting & Support

5.1 Support

Please Email bot.support@nextgeninvent.com for any support related questions.
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Appendix A - Record of Changes

Version # Date of Change Author

V1.0 June 26" 2020

Nextgen Invent Corporation

Appendix B - Acronyms

# Acronym Description
1. AA Automation Anywhere
2. API Application Programming Interface
3. RAM Random Access Memory
4, (O] Operating System
Appendix C - References
id Topic Reference Link
| 1. ' Nextgen Invent Corporation ' https://www.nextgeninvent.com/ \
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